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Abstract

Background: After vaccination, vaccinees acquire some protection against infection and/or disease. Vaccination,
therefore, reduces the number of infections in the population. Due to this herd protection, not everybody needs to
be vaccinated to prevent infections from spreading.

Methods: We quantify direct and indirect effects of influenza vaccination examining the standard Susceptible-
Infected-Recovered (SIR) and Susceptible-Infected-Recovered-Susceptible (SIRS) model as well as simulation results
of a sophisticated simulation tool which allows for seasonal transmission of four influenza strains in a population
with realistic demography and age-dependent contact patterns.

Results: As shown analytically for the simple SIR and SIRS transmission models, indirect vaccination effects are
bigger than direct ones if the effective reproduction number of disease transmission is close to the critical value of
1. Simulation results for 20–60% vaccination with live influenza vaccine of 2–17 year old children in Germany,
averaged over 10 years (2017–26), confirm this result: four to seven times as many influenza cases are prevented
among non-vaccinated individuals as among vaccinees. For complications like death due to influenza which occur
much more frequently in the unvaccinated elderly than in the vaccination target group of children, indirect benefits
can surpass direct ones by a factor of 20 or even more than 30.

Conclusions: The true effect of vaccination can be much bigger than what would be expected by only looking at
vaccination coverage and vaccine efficacy.

Background
After vaccination, vaccinees acquire some protection
against infection and/or disease. As successfully vacci-
nated individuals cannot be infected, they also cannot pass
on the infection to others. Thus, the infection probability
drops for unprotected individuals as well. Due to this in-
direct effect, called “herd protection”, not everybody needs
to be vaccinated to prevent infections from spreading. For
influenza, such indirect protection effects have been dem-
onstrated in several studies: in the US, vaccination of 20–
25% of children (2–18 years) reduced adults’ physician
consultations for respiratory illness by up to 18% [1]. In
Canada, vaccination of 83% of children (<=15 years)
reduced influenza infection incidence in unvaccinated in-
dividuals by 61% [2]. In Japan, vaccination of school-age

children reduced influenza mortality among the elderly
[3]. In the UK, vaccination of children significantly re-
duced influenza-related medical resource use in adults [4].
Supplementing these real-world observations, simulation
studies on influenza frequently reported strong indirect ef-
fects: even relatively low vaccine coverage rates have been
shown to yield important public health benefits in the US
[5]. Indirect effects can even exceed direct effects [6].
Modeling studies of pediatric vaccination in the UK pre-
dicted more indirect than direct effects [7]. Disentangling
indirect vaccination benefits remains challenging [8] as
also the vaccination target group and even vaccinees who
did not become immune or who lost their immunity bene-
fit from herd effects. The aim of this study is to explain
and quantify direct and indirect influenza vaccination
effects. We approach this issue by studying two simple
mathematical models and by running and analyzing com-
puter simulations on influenza vaccination in Germany.
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Methods and results
Direct and indirect effects in the SIR model
The classic susceptible-infected-recovered (SIR) model
forms the backbone of most infectious disease transmis-
sion models (Fig. 1a). Vaccinated newborns are assumed
to become fully immune (V) whereas unvaccinated ones
are susceptible (S). These can become infected (I) after
contact with infected individuals; they finally recover,
and become permanently immune (R). Although for
influenza, neither vaccination-derived nor naturally
acquired immunity lasts lifelong (as is assumed in the
SIR model), we start with analyzing this basic model for
the sake of simplicity. In order to quantify direct and in-
direct effects of vaccinations (which in this model only
occur shortly after birth), we have slightly re-structured
the SIR model: Fig. 1a shows a version of the standard
model (model A) where vaccinated individuals (V) are
fully immune. Figure 1b shows a version where vacci-
nees are fully susceptible to infection (i.e. vaccination in
Fig. 1b is assumed to be completely useless); model B,
therefore, represents the SIR model without vaccination
effects. It shows how many vaccinees and how many
non-vaccinees would have been infected if the vaccin-
ation either had never occurred or if it were completely
useless. In the standard SIR model A, infection incidence
is reduced because vaccinees are immune: they can nei-
ther be infected nor can they cause secondary infections.
As a consequence, fewer susceptible individuals (S) are

infected in model A than in the modified model B where
the vaccination is without effect. In a first step, we only
use model A to calculate the infection incidence for two
vaccination scenarios: I0 is the infection incidence
without any vaccinations and IS is the incidence with
vaccinations. The total effect of vaccination (comprising
both, direct and indirect effects) is given by the differ-
ence I0-IS. In a second step, we take a look at model (b)
where vaccination is regarded to be non-protective: as
vaccinees can be infected, we can calculate their infec-
tion incidence IV, too. As these infections will not occur
if the vaccine is fully protective, IV is the direct effect of
vaccination. The indirect effect is finally given as differ-
ence between total and direct effect (I0-IS-IV). For the
SIR model, the evaluation can be done by looking at the
equilibrium state of the corresponding set of differential
equations (as given in the Additional file 1). A key
parameter in the calculation is the so-called basic
reproduction number R0 which describes how many sec-
ondary infections are caused by a single initial case in a
completely non-immune population without interven-
tions. Calculating the ratio of indirect/direct protection,
we obtain the expression 1/(R0–1) which is displayed in
Fig. 2. If R0 is larger than 2 (as is the case for e.g.
measles), indirect effects are smaller than direct ones
(the ratio becomes less than 1); if R0 is below 2 (as is the
case for influenza), indirect effects exceed direct ones.

Direct and indirect effects in the SIRS model
The SIRS extension (Fig. 3a) of the SIR model allows for
loss of immunity and for repeated vaccinations which
not necessarily need to occur shortly after birth. Thus, it
represents the situation of influenza much better than
the SIR model. Individuals are born susceptible (S); they
can either be vaccinated (V) or they can become in-
fected (I) after contact with infected individuals and

Fig. 1 a-b SIR model describing the transmission of infection in a
population (S: susceptible, I: infectious, R: immune, V vaccinated). a
Standard SIR model where a fraction v is vaccinated at birth and
immediately becomes immune. b Modified SIR model with
vaccinees who can become infected. Parameters: per capita birth
and death rate μ, contact rate β, recovery rate γ, population size N.
The full model description is given in the Additional file 1

Fig. 2 Ratio of indirect/direct vaccination effects in the SIR model.
This ratio does not depend on the vaccination coverage as long as
it does not completely prevent the spread of infection
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finally recover, and become immune (R). Immune indi-
viduals can lose their immunity and become susceptible
again (S) whereby the immunity loss rate can be differ-
ent for naturally acquired (R) and vaccination-derived
immunity (V). We again modified the model: Fig. 3a
shows the standard SIRS model where vaccinated indi-
viduals (V) are immune; Fig. 3b shows the version where
vaccinees remain fully susceptible. Describing the sys-
tems by differential equations again allows calculating
the ratio of indirect/direct vaccination effects as outlined
in the previous section (see Additional file 1 for details).
As shown in Fig. 4, the ratio becomes big if the basic
reproduction number R0 is small.

Direct and indirect effects in seasonal transmission
models
Seasonality is neither considered in the basic SIR nor in the
SIRS model, yet it plays a major role in the transmission of
influenza. More realistic simulation models frequently im-
plement a seasonality module which compresses the main
influenza transmission period to a few winter months [7,
9–13] (for a closer look at the specific effects of seasonality
on direct and indirect effects, see Additional file 1). In
Germany, influenza vaccination is mainly recommended
for the elderly and for other individuals at increased risk

whereby mostly trivalent inactivated vaccine is used. Fol-
lowing a general discussion on pediatric influenza vaccin-
ation, a survey initiated by the Robert-Koch-Institute in
2015 revealed that over 50% of parents are willing to have
their children vaccinated against influenza if it is officially
recommended [14]. In the following, we use an extension
of the previously published influenza transmission model
QLAIV-Sim [11, 12, 15] to look at direct and indirect ef-
fects of pediatric influenza vaccination in Germany.
QLAIV-Sim is based on a model which extends the SIRS
model to a system of 32,330 differential equations: based
on realistic demographic data [16], the population is struc-
tured in 101 age groups, further distinguished into “at risk”
and “no risk” groups, who are connected by an age-
dependent contact matrix [17]. Vaccinations, using re-
ported age- and risk-dependent vaccination coverage [18,
19], occur annually in October and November whereby in-
dividuals who were vaccinated in the previous season are
preferentially vaccinated again (see Additional file 1 for de-
tails [20]). Vaccine efficacy of the inactivated vaccine is as-
sumed to be 45% (0.5–1 year old children), 59% (2–17),
60% (18–59 no risk individuals) and 58% (at risk individuals
and elderly 60+) [21–24]; the vaccine efficacy of the live
vaccine for 2–17 year old children is assumed to be 80% in
the season following vaccination and 56% in the subsequent
season [24, 25]. In order to create realistic age-dependent
immunity patterns in the population, the model is run from
2000 to 2016 with trivalent influenza vaccine (TIV), using
the recorded vaccine composition and allowing for the
independent transmission of the four influenza strains

Fig. 3 a-b SIRS model describing the transmission of infection in a
population (S: susceptible, I: infectious, R: immune, V vaccinated). a
Standard SIRS model with protective vaccination. b Modified SIRS
model with vaccinees who can become infected. Parameters: per
capita birth and death rate μ, contact rate β, recovery rate γ,
vaccination rate ϕ, loss rate of naturally acquired immunity ρ, loss
rate of vaccination-derived immunity τ, population size N. The full
model description is given in the Additional file 1

Fig. 4 Ratio of indirect/direct vaccination effects in the SIRS model for
different vaccination rates (from top to bottom: ϕ = 0.2, 0.1, 0.01 per
year). As the whole population is eligible for vaccination in the SIRS
model, transmission can go to extinction for moderately high annual
vaccination coverage if R0 is small (thus, the lines cannot be drawn for
the whole R0 range). Parameters: life expectancy μ−1 = 70 years,
duration of naturally acquired immunity ρ−1 = 6 years, duration of
vaccination-derived immunity τ−1 = 2 years, duration of contagiousness
γ−1 = 5 days. The mathematical description of the curves is given in
the Additional file 1
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A(H1N1), A(H3N2), B/Yamagata and B/Victoria. During
the following 10-year evaluation period (starting in 2017),
only quadrivalent influenza vaccines are used (i.e. vaccines
which contain both Influenza B lineages). In a first simula-
tion, we calculate how many infections occur (“baseline” re-
sult) if vaccinations are performed as in the initialization
period with the only exception, that quadrivalent inacti-
vated vaccine (QIV) is used instead of TIV. In a second
step, we run the same simulation with the identical vaccin-
ation coverage, except that an increased percentage of chil-
dren (2–17 years) receive quadrivalent live vaccine
(QLAIV) instead of QIV. The resulting difference in infec-
tion incidence is the total effect of the additional QLAIV
vaccinations. In order to separate this total effect into direct
and indirect effects, we use the same strategy as described
above: a third simulation is run where we assume that
QLAIV vaccination is completely without effect, and the
cumulative incidence is recorded separately for individuals
who are in stage S and in stage V, respectively.
Table 1 shows the simulation results for 20% annual

QLAIV vaccination coverage; infections are translated
into symptomatic cases, assuming that 66.9% of infec-
tions lead to clinical disease [26]. Without additional
vaccinations, 40.9 million symptomatic cases are ex-
pected to occur in the 10-year evaluation period. QLAIV
vaccination of 20% of children reduces the cumulative
incidence to 31.9 million cases. The prevented 9 million
cases can be split into 1.1 million directly prevented
cases among vaccinees, 2.4 million indirectly prevented
cases among non-vaccinated children and 5.5 million in-
directly prevented cases among adults. Thus, more than
twice as many cases among children are indirectly pre-
vented than directly. Combining all indirectly prevented
cases among children and adults (7.9 million), we can
see that more than 7 times as many cases are indirectly
prevented as are directly prevented. Fig. 5a shows the re-
sults for 20 to 60% annual QLAIV coverage: the number
of directly prevented symptomatic cases (white) and the

numbers of indirectly prevented ones (light and dark
grey) increase with increasing QLAIV coverage; due to
mathematical reasons, the ratio of indirectly/directly
prevented cases declines from 7.4 to 4.6 with increasing
coverage. The numbers of symptomatic cases are finally
translated into cases of acute otitis media (AOM) and to
deaths due to influenza (Fig. 5b-c). As AOM cases
predominantly occur among children, more cases are
(directly and indirectly) prevented among children, lead-
ing to lower ratios of indirectly/directly prevented cases
(ranging from 2.0 to 4.3; Fig. 5b). Considering, on the
other hand, influenza deaths which predominantly occur
in the elderly, the ratios of indirectly/directly prevented
cases become much higher (ranging from 22.2 to 35.9;
Fig. 5c), meaning that for every directly prevented death
among vaccinees up to 36 deaths are indirectly pre-
vented. In a sensitivity analysis, the vaccine efficacy of
QLAIV is reduced to the QIV value of 59% and the dur-
ation of QLAIV immunity is reduced to 1 year (as for
QIV), the absolute vaccination effects are reduced
accordingly, but the ratio of indirect / direct effects
grows: for 20% to 60% vaccination coverage, the ranges
of ratios are 5.1–10.1 (symptomatic cases), 2.5–8.6
(AOM) and 23.4–63.0 (deaths), respectively (full results
are shown in Additional file 1: Table S4).

Discussions
It is well-known that vaccination not only protects vacci-
nated individuals, but also causes indirect effects which
often are called “herd effects” or “herd immunity”. Indir-
ect effects are assumed to provide a little additional
benefit, but the huge effects for influenza which are
shown in Fig. 5a-c surpass all expectations of a “little
benefit”. As has been shown for the simple SIR and SIRS
models (Figs. 2 and 4), huge indirect effects are not
restricted to sophisticated simulation tools, but are a
common feature of transmission models, particularly if
the reproduction number is close to the critical value of

Table 1 Simulated number of symptomatic cases (pooled over 10 years, 2017–26) for children, for adults and for the total German
population

Age group Symptomatic cases over 10 years Effects: direct effect in children
dC = IV indirect effects I0 - (IS + IV) in
children (iC), adults (iA) and the total
population (iT)

Sim. 1: I0
(no additional
vaccinations)

Sim. 2: IS
(with additional protective
QLAIV vaccinations)

Sim. 3: IV
(with additional non-
protective vaccinations)

Children (target group) 10,315,818 6,826,372 1,080,655 dC = 1,080,655
iC = 2,408,791
ratio for children only: iC / dC = 2.2

Adults (non-target group) 30,560,738 25,024,812 0 iA = 5,535,926

Total population 40,876,556 31,851,184 1,080,655 dC = 1,080,655
iT = 7,944,717
ratio for total population: iT / dC = 7.4

The 2nd column shows the results if QIV is used with unchanged baseline vaccination coverage (reference scenario). The 3rd column shows what happens if 20%
QLAIV vaccination of 2–17 year old children is used in addition to the baseline QIV coverage of other age-grous. The 4th column shows what happens if the same
strategy is used as in the 3rd column with a non-protective vaccine instead of QLAIV. The 5th column shows the calculations of direct and indirect effects and of
ratios. For numerical results with different QLAIV coverage, see Additional file 1: Table S3
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1.0 for which infections can no longer circulate. For
measles with a frequently quoted basic reproduction
number R0 = 15 [27, 28], such effects would only be ob-
served if the initial immunity already surpassed 90% and
if additional vaccinations would further reduce transmis-
sion. For influenza, estimates of R0 are much closer to 1
than for measles [29]. Calibration of QLAIV-Sim to the
observed annual infection incidence of 10.6% among
young adults in Germany [30] led to all-year average of
R0 = 1.1. Because of seasonal fluctuations in transmissi-
bility [9], the time dependent magnitude of R0 fluctuates
from 0.63 (in summer) to 1.57 (around Christmas) in
Germany. Due to baseline vaccinations and to previous
infections, about 30% of the population is immune at
the beginning of the annual transmission season. Thus,
an infectious individual cannot infect R0, but only
Re = (1–0.3).R0 others (this is called the effective
reproduction number). Even at the seasonal peak, Re(t)
only reaches a value of (1–0.3).1.57 = 1.1, which is so
close to the critical value 1, that huge indirect effects
must occur if the immunity in the population is further
increased by additional vaccinations.
At first glance, it may seem counter-intuitive that the

ratio of indirect vs. direct effects decreases if the per-
centage of immunized children grows. This is mainly
due to saturation and competition effects. The shift to-
wards lower ratios for high vaccination coverage can
most easily be explained by imagining a very large cover-
age which immunizes so many individuals that the direct
effect itself becomes so large that applying the highest
indirect/direct ratios (>30, in Fig. 5) would necessitate
that more cases have to be prevented indirectly than
occur without vaccination. This also explains why the in-
direct/direct ratios become even bigger if a lower
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Fig. 5 a-c Simulation results of pediatric QLAIV vaccination in
Germany. Each bar represents the results for 10 years (2017–26): dark
grey: indirectly prevented cases among adults, light grey: indirectly
prevented cases among children, white: directly prevented cases
among children, black: remaining cases which are not prevented.
Numbers above the bars give the ratios “all indirectly prevented
cases” / “all directly prevented cases”. Simulations are initialized from
2000 to 2016 using TIV with the baseline vaccination coverage. In
the 10-year period starting with 2017, vaccinations are switched to
QIV (reference scenario) and the effect of additional QLAIV vaccination of
2–17 years old children is evaluated. In the QLAIV scenario, children
below 2 and adults receive QIV as in the reference scenario; in the first
evaluation year the QLAIV coverage of 2–17 year old children is identical
to the baseline coverage (around 5%), then it is increased stepwise for 3
years to reach a final coverage of 20 to 60%. a Symptomatic cases; b
cases with acute otitis media (AOM; percentages of symptomatic cases
in the “no risk” group: 0–1 year: 39.7%, 2–6: 19.6%, 7–12: 4.4%, 13–17: 4%,
18+: 1%; in the risk group: 1% [32–35]), (c) deaths due to influenza
(percentages of symptomatic cases in the “no risk” group: 0–1 year:
0.062%, 2–6: 0.027%, 7–12. 0.011%, 13–17: 0.005%, 18+: 0.0132%; in the
risk group: 0.13%, guided by [36, 37]). For numerical results, see
Additional file 1: Table S3

Eichner et al. BMC Infectious Diseases  (2017) 17:308 Page 5 of 8



vaccine efficacy and a lower duration of protection is
used for QLAIV (Additional file 1: Table S4) because
this corresponds to a lower percentage of children who
are immunized (i.e. a result which could also be achieved
by using a lower vaccination coverage).
In pilot vaccination areas in England 2014/15, 58.6%

of children (ages 4–11) were given QLAIV vaccination.
This prevented over 90% of doctoral visits due to ILI of
5–10 year old children (i.e. the target population) and
about half of the doctoral visits of adults [31]. Using 60%
coverage (ages 2–17) in our simulations prevents 70% of
all symptomatic cases among children and 48% of all
adult cases, indicating that our simulation results for
Germany are slightly less optimistic than the field data
from England. Comparing the number of prevented
cases in the non-target population with the number of
prevented cases in the target population gives a first in-
dication of the indirect vaccination effect, yet it strongly
under-estimates the true indirect/direct protection ratio.
The POLYMOD study has shown that individuals of all
ages, but especially children and juveniles, have most of
their contacts with others who are of similar age [17].
Consequently, non-vaccinated children also benefit
strongly if other children are vaccinated and cannot pass
on the infection to them, as is shown schematically in
Fig. 6 using 20% QLAIV coverage: more than twice as
many cases are prevented among non-vaccinated chil-
dren as among vaccinated ones (Table 1). This indirect
effect among children has to be added to the indirect
effect among adults to obtain the full indirect effect of
vaccination. Comparing all indirectly and all directly
prevented cases in Table 1 leads to an indirect/direct
ratio of 7.4 for 20% QLAIV coverage, but the ratio of
prevented adult cases/prevented children cases is only
1.6 (5.5 million adult vs. 3.5 million children cases). If an
area without vaccination is compared with a spatially
separate area with vaccination (as was the case with the
English pilot study mentioned above), the expected
number of directly prevented cases per 100,000 individ-
uals can easily be calculated as the product of (1) the in-
cidence per 100,000 individuals of the target age-group
in the control area, (2) the vaccinated fraction of the
target age-group in the vaccination area, and (3) the
vaccine efficacy (cf. Fig. 6). For the target age-group, the
observed case difference between control and vaccinated
area should be bigger than the expected direct effect, as
indirect effects also occur. For all non-target age-groups,
the differences between control and vaccinated area
must also be attributed to indirect effects. These findings
should be used to further encourage vaccinations in
order to maximize the direct and indirect effects in the
population.
If the effective reproduction number of disease trans-

mission is low, the true effect of vaccination campaigns

can be much bigger than what would be expected by
only looking at vaccination coverage and vaccine effi-
cacy: for influenza, four to seven times as many cases
can be prevented among non-vaccinated individuals as
among vaccinees. If disease-related complications occur
more frequently in the unvaccinated age-groups than in
the vaccinated ones, indirect benefits can surpass direct
ones by a factor of 20 or even more than 30 (Fig. 5a-c).

Additional file

Additional file 1: Contains detailed mathematical descriptions of the
SIR model, the SIRS model and the Q-LAIV-Sim simulation model. It fur-
thermore provides details on the calculation of direct and indirect effects
an on the obtained results. For the simulation model, the influence of
seasonality on indirect effects is explored. (PDF 319 kb).
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AOM: Acute otitis media; QIV: Quadrivalent inactivated influenza vaccine;
QLAIV: Quadrivalent live influenza vaccine; R0: Basic reproduction number;

Fig. 6 Schematic figure of direct and indirect effects of pediatric
vaccination. The upper boxes depict children, the lower ones adults.
Boxes on the left show the baseline situation without additional
vaccinations; on the right, 20% of children is vaccinated with a
vaccine efficacy of 80%. Black areas show infected individuals, dark
grey areas show vaccinated individuals. The shaded part of the
vaccinated individuals depicts children who would have been
infected and are, thus, directly protected. Preventing these cases
also reduces the infection rate for unvaccinated children and for
adults, causing indirect effects depicted in light grey

Eichner et al. BMC Infectious Diseases  (2017) 17:308 Page 6 of 8

dx.doi.org/10.1186/s12879-017-2399-4


Re: Effective reproduction number; SIR: Susceptible-Infectious-Recovered
model of pathogen transmission; SIRS: Susceptible-Infectious-Recovered-
Susceptible model of pathogen transmission; TIV: Trivalent inactivated
influenza vaccine

Acknowledgements
We acknowledge support by Deutsche Forschungsgemeinschaft and Open
Access Publishing Fund of University of Tübingen.

Funding
This study was funded by an unrestricted grant from AstraZeneca.

Availability of data and materials
Not applicable (theoretical paper with simulation results).

Authors’ contributions
ME conceptualized the study, developed the mathematical models,
interpreted the results and wrote the major part of the manuscript. MS
designed and developed the simulation tool QLAIV-Sim and provided tech-
nical support. LE carried out the simulations, produced the graphs and con-
tributed to the manuscript. LG provided local input and wrote parts of the
manuscript. All authors critically appraised, corrected and approved the
manuscript before submission.

Competing interests
ME is a partner and shareholder of the contract research and consulting
institute Epimos GmbH, which has received consulting fees and research
support from AstraZeneca, Novartis, and GlaxoSmithKline. MS is employee
and shareholder of ExploSYS GmbH, which has received payments from
Epimos GmbH, a contract research and consulting institute, which has
received research support and consulting fees from AstraZeneca. LE is an
employee of Epimos GmbH, a contract research and consulting institute,
which has received research support and consulting fees from AstraZeneca.
LG is an employee of QuintilesIMS which has received consulting fees from
AstraZeneca.

Consent for publication
Not applicable.

Ethics approval and consent to participate
Not applicable (theoretical paper with simulation results).

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in
published maps and institutional affiliations.

Author details
1Epimos GmbH, Dusslingen, Germany. 2Institute for Clinical Epidemiology
and Applied Biometry, University of Tübingen, Tübingen, Germany. 3ExploSYS
GmbH, Leinfelden, Germany. 4QuintilesIMS, Real-World Evidence Solutions,
Zaventem, Belgium.

Received: 21 December 2016 Accepted: 11 April 2017

References
1. Piedra PA, Gaglani MJ, Kozinetz CA, Herschler G, Riggs M, Griffith M, Fewlass

C, Watts M, Hessel C, Cordova J, et al. Herd immunity in adults against
influenza-related illnesses with use of the trivalent-live attenuated influenza
vaccine (CAIV-T) in children. Vaccine. 2005;23(13):1540–8.

2. Loeb M, Russell ML, Moss L, Fonseca K, Fox J, Earn DJ, Aoki F, Horsman G,
Van Caeseele P, Chokani K, et al. Effect of influenza vaccination of children
on infection rates in Hutterite communities: a randomized trial. JAMA. 2010;
303(10):943–50.

3. Reichert TA, Sugaya N, Fedson DS, Glezen WP, Simonsen L, Tashiro M. The
Japanese experience with vaccinating schoolchildren against influenza. N
Engl J Med. 2001;344(12):889–96.

4. Pebody R, Warburton F, Andrews N, Ellis J, von Wissmann B, Robertson C,
Yonova I, Cottrell S, Gallagher N, Green H, et al. Effectiveness of seasonal
influenza vaccine in preventing laboratory-confirmed influenza in primary

care in the United Kingdom: 2014/15 end of season results. Euro Surveill.
2015;20(36):1–11.

5. Weycker D, Edelsberg J, Halloran ME, Longini Jr IM, Nizam A, Ciuryla V, Oster
G. Population-wide benefits of routine vaccination of children against
influenza. Vaccine. 2005;23(10):1284–93.

6. Pradas-Velasco R, Antonanzas-Villar F, Martinez-Zarate MP. Dynamic
modelling of infectious diseases: an application to the economic evaluation
of influenza vaccination. PharmacoEconomics. 2008;26(1):45–56.

7. Pitman RJ, White LJ, Sculpher M. Estimating the clinical impact of
introducing paediatric influenza vaccination in England and Wales. Vaccine.
2012;30(6):1208–24.

8. Jordan R, Connock M, Albon E, Fry-Smith A, Olowokure B, Hawker J, Burls A.
Universal vaccination of children against influenza: are there indirect
benefits to the community? A systematic review of the evidence. Vaccine.
2006;24(8):1047–62.

9. Vynnycky E, Pitman R, Siddiqui R, Gay N, Edmunds WJ. Estimating the
impact of childhood influenza vaccination programmes in England and
Wales. Vaccine. 2008;26(41):5321–30.

10. Pitman RJ, Nagy LD, Sculpher MJ. Cost-effectiveness of childhood influenza
vaccination in England and Wales: results from a dynamic transmission
model. Vaccine. 2013;31(6):927–42.

11. Gerlier L, Lamotte M, Dos Santos MS, Damm O, Schwehm M, Eichner M.
Estimates of the public health impact of a pediatric vaccination program
using an intranasal tetravalent live-attenuated influenza vaccine in Belgium.
Paediatr Drugs. 2016;18(4):303–18.

12. Rose MA, Damm O, Greiner W, Knuf M, Wutzler P, Liese JG, Kruger H, Wahn
U, Schaberg T, Schwehm M, et al. The epidemiological impact of childhood
influenza vaccination using live-attenuated influenza vaccine (LAIV) in
Germany: predictions of a simulation study. BMC Infect Dis. 2014;14:40.

13. Eichner M, Schwehm M, Hain J, Uphoff H, Salzberger B, Knuf M, Schmidt-Ott
R. 4Flu - an individual based simulation tool to study the effects of
quadrivalent vaccination on seasonal influenza in Germany. BMC Infect Dis.
2014;14:365.

14. Robert Koch Institute: Bericht zur Epidemiologie der Influenza in
Deutschland Saison 2015/16. In. Berlin; 2016. https://influenza.rki.de/
Saisonberichte/2015.pdf. Accessed 21 Apr 2017.

15. Damm O, Eichner M, Rose MA, Knuf M, Wutzler P, Liese JG, Kruger H,
Greiner W. Public health impact and cost-effectiveness of intranasal live
attenuated influenza vaccination of children in Germany. Eur J Health Econ.
2015;16(5):471–88.

16. Statistisches Bundesamt: Bevölkerung Deutschlands bis 2060. 12.
koordinierte Bevölkerungsvorausberechnung. In.; 2009.

17. Mossong J, Hens N, Jit M, Beutels P, Auranen K, Mikolajczyk R, Massari
M, Salmaso S, Tomba GS, Wallinga J, et al. Social contacts and mixing
patterns relevant to the spread of infectious diseases. PLoS Med. 2008;
5(3):e74.

18. Schröder-Bernhardi D, Grunow SS, Bauman U, Zöllner Y: Schutzimpfungen
gegen Influenza werden bei Kindern und Jugendlichen äußerst selten
durchgeführt – Ergebnisse einer Datenbankanalyse. In: 9 Jahrestagung der
Deutschen Gesellschaft für Epidemiologie. Ulm; 2014.

19. Bodeker B, Remschmidt C, Muters S, Wichmann O. Influenza, tetanus, and
pertussis vaccination coverage among adults in Germany.
Bundesgesundheitsblatt Gesundheitsforschung Gesundheitsschutz. 2015;
58(2):174–81.

20. Reuss AM, Walter D, Feig M, Kappelmayer L, Buchholz U, Eckmanns T,
Poggensee G. Influenza vaccination coverage in the 2004/05, 2005/06, and
2006/07 seasons: a secondary data analysis based on billing data of the
German associations of statutory health insurance physicians. Dtsch Arztebl
Int. 2010;107(48):845–50.

21. Jefferson T, Rivetti A, Harnden A, Di Pietrantonj C, Demicheli V. Vaccines for
preventing influenza in healthy children. Cochrane Database Syst Rev. 2008;
2:CD004879.

22. Jefferson T, Di Pietrantonj C, Rivetti A, Bawazeer GA, Al-Ansary LA, Ferroni E.
Vaccines for preventing influenza in healthy adults. Cochrane Database Syst
Rev. 2014;7:CD001269.

23. Jefferson T, Di Pietrantonj C, Al-Ansary LA, Ferroni E, Thorning S, Thomas RE.
Vaccines for preventing influenza in the elderly. Cochrane Database Syst
Rev. 2010;2:CD004876.

24. Jefferson T, Rivetti A, Di Pietrantonj C, Demicheli V, Ferroni E. Vaccines for
preventing influenza in healthy children. Cochrane Database Syst Rev. 2012;
8:CD004879.

Eichner et al. BMC Infectious Diseases  (2017) 17:308 Page 7 of 8

https://influenza.rki.de/Saisonberichte/2015.pdf
https://influenza.rki.de/Saisonberichte/2015.pdf


25. Rhorer J, Ambrose CS, Dickinson S, Hamilton H, Oleka NA, Malinoski FJ,
Wittes J. Efficacy of live attenuated influenza vaccine in children: a meta-
analysis of nine randomized clinical trials. Vaccine. 2009;27(7):1101–10.

26. Carrat F, Vergu E, Ferguson NM, Lemaitre M, Cauchemez S, Leach S, Valleron
AJ. Time lines of infection and disease in human influenza: a review of
volunteer challenge studies. Am J Epidemiol. 2008;167(7):775–85.

27. Mossong J, Muller CP. Estimation of the basic reproduction number of
measles during an outbreak in a partially vaccinated population. Epidemiol
Infect. 2000;124(2):273–8.

28. Moss WJ, Griffin DE. Global measles elimination. Nat Rev Microbiol. 2006;
4(12):900–8.

29. Chowell G, Miller MA, Viboud C. Seasonal influenza in the United States,
France, and Australia: transmission and prospects for control. Epidemiol
Infect. 2008;136(6):852–64.

30. Williams CJ, Schweiger B, Diner G, Gerlach F, Haaman F, Krause G, Nienhaus
A, Buchholz U: Seasonal influenza risk in hospital healthcare workers is more
strongly associated with household than occupational exposures: results
from a prospective cohort study in Berlin, Germany, 2006/07. BMC Infect
Dis. 2010;10:8.

31. Pebody RG, Green HK, Andrews N, Boddington NL, Zhao H, Yonova I, Ellis J,
Steinberger S, Donati M, Elliot AJ, et al. Uptake and impact of vaccinating
school age children against influenza during a season with circulation of drifted
influenza a and B strains, England, 2014/15. Euro Surveill. 2015;20(39):1–11.

32. Blank PR, Schwenkglenks M, Szucs TD. Disparities in influenza vaccination
coverage rates by target group in five European countries: trends over
seven consecutive seasons. Infection. 2009;37(5):390–400.

33. Meier CR, Napalkov PN, Wegmuller Y, Jefferson T, Jick H. Population-based
study on incidence, risk factors, clinical complications and drug utilisation
associated with influenza in the United Kingdom. Eur J Clin Microbiol Infect
Dis. 2000;19(11):834–42.

34. Sessa A, Costa B, Bamfi F, Bettoncelli G, D'Ambrosio G. The incidence,
natural history and associated outcomes of influenza-like illness and clinical
influenza in Italy. Fam Pract. 2001;18(6):629–34.

35. Heikkinen T, Silvennoinen H, Peltola V, Ziegler T, Vainionpaa R, Vuorinen T,
Kainulainen L, Puhakka T, Jartti T, Toikka P, et al. Burden of influenza in
children in the community. J Infect Dis. 2004;190(8):1369–73.

36. von Baum H, Schweiger B, Welte T, Marre R, Suttorp N, Pletz MW, Ewig S.
How deadly is seasonal influenza-associated pneumonia? The German
competence network for community-acquired pneumonia. Eur Respir J.
2011;37(5):1151–7.

37. Ewig S, Birkner N, Strauss R, Schaefer E, Pauletzki J, Bischoff H, Schraeder P,
Welte T, Hoeffken G. New perspectives on community-acquired pneumonia
in 388 406 patients. Results from a nationwide mandatory performance
measurement programme in healthcare quality. Thorax. 2009;64(12):1062–9.

•  We accept pre-submission inquiries 

•  Our selector tool helps you to find the most relevant journal

•  We provide round the clock customer support 

•  Convenient online submission

•  Thorough peer review

•  Inclusion in PubMed and all major indexing services 

•  Maximum visibility for your research

Submit your manuscript at
www.biomedcentral.com/submit

Submit your next manuscript to BioMed Central 
and we will help you at every step:

Eichner et al. BMC Infectious Diseases  (2017) 17:308 Page 8 of 8


	Abstract
	Background
	Methods
	Results
	Conclusions

	Background
	Methods and results
	Direct and indirect effects in the SIR model
	Direct and indirect effects in the SIRS model
	Direct and indirect effects in seasonal transmission models

	Discussions
	Additional file
	Abbreviations
	Acknowledgements
	Funding
	Availability of data and materials
	Authors’ contributions
	Competing interests
	Consent for publication
	Ethics approval and consent to participate
	Publisher’s Note
	Author details
	References

